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AYTIX Predictive Maintenance im Trend
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Adoption

89%
Die Awareness wachst aber die et L
Erfolgreiche
Implementierungsquote ist
noch sehr gering.
68%

of manufacturers have already started their Al
joumey and have fully implemented at least one
Al use case

16%
of Al adopters have successfully achieved their
Al-related targets

Source: BCG, Global Survey on Al in Industrial Operations 20237
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AivTiX Die Predictive Maintenace Erfolgs Matrix

Je nach
Datenqualitat ist
Predictive
Maintenance mit Kl
oder andere Ansatze
moglich

Sensor Daten Ausfalle, Services
Fehlermeldungen
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Predictive Maintenance mit K|

Statistische Lebenszeitmodelle

Anomalie Erkennung

Reaktive / geplante
Maintenance
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Case Study
Predictive Maintenance von Dialysemaschinen

B/ BRAUN

SHARING EXPERTISE

loMT Predictive Maintenance
Creating data for sustainable products and services

« Failure prediction
* Spare part needs
« [Effort estimation

Knowledge

increment
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Collective Knowledge Predictive Maintenance Intelligence Single Device Data
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fAYTIX .
Die Partner

AYTIX

= Medical & pharmaceutical devices = Applied Al company from Austria
= Family owned since 184 years = Founded in 2016
= More than 60 countries = High Quality Data Science

for Supply Chain companies

= Winner of multiple awards &
65 000 employees hackathons

= Raised 3 Million € in Venture Capital

8.5 Billion € turnover
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Al Collaboration

Sourcing
from global
startup
database

Pitching to
B. Braun and
pwc experts

Commercial
negotiations

@ Proof of
concept
m@ in 3 months

Customer
satisfaction

> Demo Day
rg Pitching Development
A & productive
STt deployment
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fAYTIX

Teams
AYTIX
» VP Global Service * Al Management
- Project Manager  Al/Customer Development
« Expert Data Scientist » Data Scientists
- Dev Ops « Data Engineers

« Machine Experts * ML OPs
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Data Science Cycles
with Action Intelligence

<ETL
«Persistence

- Tests
- Visualizations

«Cross validation
- Feature
- Targets

»Metrics
«Supervised «Customer scores

- Parameter Tests
« Anomaly +Expert validation

detection

Al FOR MAINTENANCE

Data Science
lteration

- Tests
«Containers
«Cl/CD



Y TIX Machine maintenance prediction

ROC AUC per horizon ROC AUC per model

(Auswahl ROC AUC per horizon v) (Auswahl ROC AUC per model

Proof of Concept
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5] _ LinearSVM 1 1
H 5  Decision Trea
T ©  Naive Bayes
= Gaussian Process
8 2 KNN
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w

v' Achieve more than e e S

75% ROC AUC score.
(> 90%) = = 10~ g nzsgen

component horizon model ROC AUC + Accuracy f1 Score

v Test on different = .

ep 30 Adaboost 0,899 0,971 0,571

C O m p O n e n t S ep 14 Adaboost 0,893 0,571 0,571

fpe 90 Adaboost 0.8684 0.802 0,802

/ Te St O n d i ffe re n t ep 14 Gradient Boosting 0,88 0,628 0,628
o o ep 30 Gradient Boosting 0,88 0,628 0,628

t I m e h O r I ZO n S fpe 30 Random Forest 0,874 0,778 0,778

fpe 30 Gradient Boosting 0,873 0,75 0,75

fpa 20 Linear SVM 0,86 0,5 0.5

ep 30 Random Forest 0,853 0,571 0,571
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7fivtix  Feature Engineering

Action Intelligence: standardized data science library
& computational workflow.

Outlier & anomaly detection

‘ Expert Rules
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Nonlinear Features
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ATX Wo findet Predictive Maintenance

noch Anwendung?

ERFOLGREICHE KI STRATEGIEN
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Economics The True Cost of

Downtime 2022

—t How much do leading manufacturers lose through

ch inefficient maintenance?

calculated a potential $1 .5 trillion

1 O% Ta annua| annual downtime losses for Fortune Global 500 firms
service cost savings. 70% rise

in losses for Fortune Global 500 firms compared totwo
years ago
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Was funktioniert nicht.

» Embeddings. Bad convergence.

» Graph Neural Networks. Bad Performance.

» LLM'’s. Halucinations, computationaly expensive.
» Transformers for tabular data & time series.
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Key Learnings

Data quality is king

ntegrate expert know-how

Nonlinear features

Multi-objective optimization
Unsupervised for better supervised
Standardize the data science pipeline

AN N NN NN

Trust your Al Partner.
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fAYTIX

Thank youl WHITEPAPER

franziskos.kyriakopoulos@7lytix.com
CEO & Co-Founder | /LYTIX

www.7lytix.com
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